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Abstract: Most of the existing maximizing influence algorithms based on temporal graph were not applicable for
large-scale networks due to the low time efficiency or narrow influence range. Therefore, the seed node mining algorithm
named CHG combining heuristic algorithm and greedy strategy was proposed. Firstly, based on the time sequence cha-
racteristics of information diffusion in temporal graph, the concept of two-order degree of nodes was given, and the in-
fluence of nodes was heuristically evaluated. Secondly, the nodes were filtered according to the influence evaluation re-
sults, and the candidate seed node set was constructed. Finally, the marginal effect of candidate seed nodes was calculated
to solve the overlap of influence ranges between nodes to ensure the optimal combination of seed nodes. The experiments
were carried out on three different scale data sets, and the results show that the proposed algorithm can ensure the high
influence of the seed node set even though its running time is relatively shorter. And it can achieve a better trade-off be-
tween the time efficiency and the influence range of the seed node set.
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d 40 — — —
¢ 30 — — —

O, M R A KT A a
HNEE—AFPFAT AL HIR, WAL b HFUREHTES 2 #
RN, TR S AN Max_Inf M
Max_node H, FETHH F—AN1T 8 ¢ 20T, JoH 40T
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4.1.1 ZERI

BE R 4008 Windows 10, FRF/RAGFESS Core
i5-6300HQ VPUt%, WAEN 8 GB, ZWIZIE S A
Python3.0, #ifE# 159 Pycharm.
4.1.2 FIRE

AT SRIG I EL 3 AN AN [FAASE [ B 7 458 X 45 4
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